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Using Of Learning Vector Quantization Network for Pan Evaporation
Estimation

Abstract

A modern technique is presented to study the evaporation process which is
considered as an important component of the hydrological cycle. The Pan Evaporation
depth is estimated depending upon four metrological factors viz. (temperature, relative
humidity, sunshine, and wind speed). Unsupervised Artificial Neural Network has been
proposed to accomplish the study goal, specifically, a type called Linear Vector
Quantitization, (LVQ). A step by step method is used to cope with difficulties that
usually associated with computation procedures inherent in these kind of networks.
Such systematic approach may close the gap between the hesitation of the user to make
use of the capabilities of these type of neural networks and the relative complexity
involving the computations procedures. The results reveal the possibility of using LVQ
for of Pan Evaporation depth estimation where a good agreement has been noticed
between the outputs of the proposed network and the observed values of the Pan
Evaporation depth with a correlation coefficient of 0.986.
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